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Gartner Hype Cycle for
Emerging Technologies, 2019

‘ =Py,

Biochips

Al Paas '

Edge Analytics \

N/ Al =Rk S5
Autonomous Driving Level 5.\ M
Low-Earth-Orbit Satellite Systems. \ g Ej] I_,,$5 2&
Edge Al __ ™ (3
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Peak of
Innovation Inflated Trough of Slope of Plateau of
Trigger Expectations Disillusionment Enlightenment Productivity
Time
Plateau will be reached:
less than 2 years @ 210 5years 5 to 10 years (O morethan 10 years @ obsolete before plateau As of August 2019
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Hype Cycle for Emerging
Technologies, 2020
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Secure Access Service Edge (SASE)
. Social Distancing Technologies

Embedded Al

e —— Explainable Al

Composable Enterprise
Al Augmented Development

Carbon-Based Transistors
Responsible Al ! ranst

Multiexperience
Digital Twin of the Person
Packaged Business Capabilities
—Generative Al _
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Adaptive ML -

Citizen Twin

Bring Your Own Identity

- Social Data
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Al Augmented Development
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Generaltive Al

Composite Al

Adaptive ML

. . >Private 80 Generative Adv. Net.
Generative Adversarial .Differential Privacy .
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S ———; J Health Passport
Self-Supervised Learning
o e od ~ 4 DNA Computing and Storage Self-Supervised Learning
~ Al-Assisted Design
Authenticated - — 1 - X
Provenance AI'ASSISted DeSIgn
Peak of
Innovation Inflated Trough of Slope of Plateau of
Trigger Expectations Disillusionment Enlightenment Productivity
..

() less than 2 years

Time

Plateau will be reached:

@ 2to5 years @ 51010 years

gartner.com/SmarterWithGartner
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China Artificial Intelligence Core Industry Scale and Planning from 2019-2030
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The Financing Scale of China Artificial Intelligence Industry in 2014-2019
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Al: Artificial Intelligence
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BiF: ABERFS]. i, IBEFKXKEE

n I ifici elligen
Conference

We propose that & 2 month, 10 man study of artificial
intelligence be carned out during the summer of 1956
at Dartmouth College in Hanover, New Hampshire

The study is fo proceed on the basis of the conjecture
that every aspect of learmning or any other feature of
intelligence can in principle be so precisely described
that @ machine can be made lo simulate it An attempt
will be made fo find how fo make machines use
language, form abstrachons and concepts. solve kinds
of problems now reserved for humans, and improve
themselves

- Dartmouth Al Project Proposal. J. McCarthy et al ;
Aug. 31, 1955,
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1950's 1960’s 1970°s 1980's 1990's 2000's 2010's

Since an early flush of optimism in the 1950s, smaller subsets of artificial intelligence - first machine learning, then
deep learning, a subset of machine learning - have created ever larger disruptions.
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Feature Engineering
Machine Learning
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Input Feature extraction Classification Output

Deep Learning
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Input Feature extraction + Classification Output
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End of Am- End of
Dennard dahl's Moore's
Scaling Law Law

p Multicore 2X/ 2X/
CIscC RISC 2X /3.5 yrs Gyrs 20yrs
2X/35yrs 2X /1.5 yrs (23%/yr)  (12%/fyr) (3%/yr)
(22%/yr) -~ ( 52%/yr )
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Classification + Localization

a3k, EM,

Semantic Segmentation

Object Detection

Instance Segmentation
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